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Abstract

Conversational analytics is an emerging area of business intelligence, merging NLP, visualization and enterprise
communication. Integrating Slack, Tableau, and Salesforce enables analytics to occur within workflows, making them
more accessible, easily understood, and faster for decision-making. Previous studies suggest that the incorporation of
analytics into collaborative tools increases the precision of queries, user satisfaction and the confidence with which a
decision is made. From the literature, benefits reported include users better understanding the query, quick access to
insights, increased user satisfaction and increased confidence in decision making. These trends indicate the future of
conversational analytics may significantly reshape how organizations interact with Al-enabled analytics systems.
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1. Introduction

Digital transformation has been fast-paced over the past few years and has significantly influenced the way
organizations generate, process and act on data-driven insights. Traditional business intelligence (BI) applications have
been in use for a long time, mainly to guide analytical decision making, but they are not always well integrated into
business processes. If users need to change their primary workflow environments and have to use complex dashboards
or reporting tools, the organization becomes less agile, and analytics can become less accessible for non-technical users.
This restriction is more important in fast-moving and collaborative settings [1], [2].

One approach that has proven useful to address this challenge is conversational analytics, which places analytical
capability right in the line of work. Conversational analytics uses Al-driven automation and advancements in natural
language processing (NLP) to empower users to ask questions in natural language and receive contextualized responses
via interactive data exploration and visualization in an interactive form. This shift turns analytics into a more dialogic
and interactive process that is more in line with how knowledge workers think and work than a static reporting process
[3]- Such systems align with broader trends in Al-enhanced business process management that put emphasis on human
judgment and the combination of machine intelligence in real-time decision-making situations [4].

The integration of Slack, Tableau, and Salesforce represents a practical application of conversational analytics in
enterprise environments. Each of these is a different function: Slack functions as the everyday conversational interface,
Tableau is analytical processing and visualization, and Salesforce provides CRM-based contextual data and operational
actionability. These platforms can be integrated, allowing the user to ask questions, visualize information and act based
on their prompts from within their work environment. This is done in a workflow integrated way that helps to create a
more data-driven organizational culture and lowers the cognitive load [5].
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In addition to operational efficiency, previous studies emphasize the fact that the integration of analytics into
communication systems transforms the human-AI collaboration on a fundamental level. Conversational analytics also
allow knowledge workers to work with data more effectively, since the contextual interpretation of analytic insights
increases understanding, credibility, and confidence in decision-making [6], [7]. At the same time, the increasing use of
conversational and generative Al in business systems creates unresolved challenges, including semantic precision in
NLP-based query interpretation, transparency and explainability of Al-generated insights, and control of data access
across distributed enterprise ecosystems [8], [9].

Although the study of conversational analytics is gaining popularity, there is limited empirical research investigating
how effectively integrated enterprise platforms support analytics in the flow of work. There is a lack of system-level and
user-centered assessments of the interaction of collaborative communication tools, visual analytics platforms, and CRM
systems to affect the quality of the decisions, the user experience, and the organizational results in particular. This gap
needs to be addressed to understand the actual benefit and limitations of conversational analytics in the enterprise
context.

Accordingly, this paper examines the adoption of Slack, Tableau, and Salesforce as a conversational analytics ecosystem
as part of organizational processes. This paper contributes in three ways. First, it proposes a conceptual architecture
showing how conversational interfaces, NLP-based interpretation, analytical visualization, and CRM intelligence are
connected in a closed loop. Second, it adopts a structured review and conceptual analysis approach to examine how
Slack, Tableau, and Salesforce can support conversational analytics within enterprise workflows. Third, it identifies
theoretical and practical implications for human-AlI collaboration, enterprise analytics design, and workflow-integrated
decision support.

2. Conceptual Foundations and Related Work

In the business context, conversational analytics lies at the intersection of four major research streams, which are
natural language interfaces to data, visual analytics, enterprise collaboration systems, and analytics-enabled customer
relationship management (CRM). Collectively, these streams supply both the theoretical and technological basis for
embedding analytics directly into daily workflows.

2.1. Natural Language Interfaces and Conversational Access to Data

The first and oldest studies of natural language interfaces to databases (NLIDBs) show that it is possible to use natural
language as an intermediary between users and structured data systems. Large-scale surveys demonstrate that an NLP-
based interface can convert users' intent to executable queries, and even uncover the persistent issues of ambiguity
resolution, semantic correctness and robustness in real-world scenarios [10]. All these interactive methods and user-
in-the-loop disambiguation mechanisms also show how conversational feedback can be applied to non-technical users
to enable them to create complex analytical queries without necessarily needing to learn formal query languages [11].
Moving beyond database querying, studies about natural language interfaces with visual analytics also point to the
relevance of conversational context, follow-up queries, and provenance awareness to support the process of exploratory
data analysis [12]. These studies show that conversational analytics cannot be seen as a query translation issue and is
an interactive sensemaking process where dialogue organization and system feedback are important [13]. Altogether,
this literature confirms NLP-based interaction as a practical base of conversational analytics, as well as highlights the
necessity of the combined schemes that would embed language context with visualization and actionable insights.

2.2. Visual Analytics and Analytics-in-the-Flow-of-Work

The role of interactive visualization in supporting analytical reasoning and decision making in the analytical process
has been a long-standing focus of studies in visual analytics. Nonetheless, conventional BI systems can require users to
leave their immediate work environment to interact with dashboards or reports. It has been observed that analytical
interactions integrated in natural workflows have a positive impact on engagement, understanding and effectiveness
[12], [13], according to the recent studies. There is also more interaction barriers reduced when conversational
interfaces allow users to better articulate what they want to analyze through conversation versus at once, letting
analytics get closer to human thought.

However, the vast majority of literature around conversational interfaces and visualization tools considers them as
completely separate systems. Little attention has been paid to how these capabilities can be orchestrated across systems
of enterprise such that they enable continuous workflow-based analytics, particularly in integrated environments that
include collaboration and CRM systems.
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2.3. Enterprise Collaboration and Knowledge Integration

In the organization, enterprise social and collaboration platforms play a key role in supporting knowledge discovery,
sharing and putting it into context. Research on enterprise social media reveals that those platforms are useful to gain
'ambient awareness' about expertise distribution and skills localization [14]. This visibility helps to coordinate faster
and improve the quality of decisions, especially in fast-changing and complex working environments.

When analytics functionality is embedded within these collaborative spaces, insights cannot be consumed
unidirectionally but, rather, they become an element of shared sensemaking. In previous studies, there is a notion that
analytics-in-the-flow-of-work can enhance data value by placing it within the current dialogue and organization.
Nevertheless, there are limited empirical studies of the functioning of conversational analytics in the context of the
enterprise collaboration platform, especially in conjunction with downstream analytical and operational infrastructure.

2.4. Business Intelligence Capabilities and Analytics Value Creation

A substantial body of research on Bl and big data analytics identifies the capabilities within an organization that create
successful analytics implementation. Previous research has demonstrated that the quality of the data, accessibility,
system integration, and culture of analytics are major determinants of the effectiveness and quality of the decisions
made after the use of BI [15]-[17]. Even more recent studies about big data analytics capabilities indicate that
performance improvement caused by analytics is mediated by process-level and dynamic organizational capabilities
[18].

Such results offer critical governance and capability guardrails to executing conversational analytics within the
enterprise setting. Specifically, they point out that conversational interfaces are not sufficient but instead, value can be
generated with the support of powerful analytical infrastructures, integrated sources of data, and organizational
readiness.

2.5. CRM Strategy and Contextualized Analytics

An important body of research in the field of CRM also focuses on process integration and context-specific mechanisms
of customer-related decision-making. The strategic CRM frameworks highlight the importance of aligning analytics from
value engineering for customers, multichannel interaction, and performance management processes [19]. In this light,
linking conversational analytics and CRM systems allows the alignment of insights with the customer context and action
behind the operation and helps complete the cycle between analysis and action.

2.6. Research Gap and Positioning of the Current Study

Although the previous studies offer solid foundations in NLP interfaces, visual analytics, enterprise collaboration, BI
capabilities, and CRM strategy, these research streams remain fragmented. In the existing literature, the interaction
between the conversational interface, analytical visualization, and CRM intelligence as a workflow-based system of
action is scarcely explored. Besides, there are limited empirical assessments undertaken to determine not only the
system performance but also the user experience in these types of integrated environments.

To fill these knowledge gaps, this paper will discuss the case of Slack, Tableau, and Salesforce integrated as a single
conversational analytics system. The paper builds on existing knowledge of how conversational analytics may support
human-Al interaction and enterprise data-centered decision-making in the enterprise working cycle and contributes to
the comprehension of the impact of various research streams intertwined with each other and evaluated empirically.

3. Conversational Analytics Architecture Embedded in Enterprise Workflows

To ground the discussion, the paper introduces a conversational analytics architecture in which Slack, Tableau, and
Salesforce are integrated. The architecture represents an analytics-in-the-flow-of-work configuration in which natural
language interaction connects analytical functions with enterprise collaboration and operational systems. The end-to-
end architecture and interaction flow are shown in Figure 1.

Slack serves as the conversational interface at the front end whereby users make analytical requests in natural language.
By embedding access to analytics within an established collaboration platform, the system reduces the disruption to the
workflow and allows analytics to naturally arise as part of ongoing workplace conversations. This design is consistent
with previous studies that underscore the need to integrate analytics in the context of work as opposed to the use of Bl
tools in isolation.
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Figure 1 Conversational analytics architecture embedded in an enterprise workflow

The query interpretation layer processes user input using natural language processing (NLP) and natural language
understanding (NLU), interpreting the query in terms of intent, entities, and analytical parameters. The layer is used for
linguistic ambiguity resolution, conversational intent to analytical operations mapping and conversational context
maintenance in follow-up questions. Decoupling conversational interaction from query interpretation enables an
iterative and flexible dialogue while keeping the analytical accuracy.

The translated analytical request is then sent to Tableau, a central platform through which data can be accessed,
processed, and displayed. Tableau receives the translated analytical queries and runs them against data sources or
performs aggregations, calculations and generates visualizations of the results. This element helps with the
exploratory/explanatory analytics, which the user can then easily continue to the analysis of details, based on the
conversations.

The analytical output is then connected to Salesforce and adds CRM context and supports actionability. Salesforce
enables the association of insights to business entities and processes directly and the ability to rank analytical results
and correlate with customer, sales or operational context. This integration helps complete the circle between analysis
and execution, informing customers and making decisions about operations without the need for users to switch
systems.

This architecture functions as a closed-loop interaction model and the insights that are generated within Slack, which
can then cause further questions, refinements or actions. This is an example of iterative sensemaking and an example
of Al-enhanced analytics where human beings make decisions and machine intelligence assists or vice versa. It is
important to note that the focus on modular integration, and not tight coupling as with other platforms, enables each
platform to bring its own expertise but enable them to work together to provide conversational analytics to business
processes.

4. Methodology

4.1. Research Design

This study adopts a structured review and conceptual analysis approach. It does not present original empirical data;
instead, it synthesizes prior literature and develops a conceptual enterprise architecture for conversational analytics.
This approach helps examine both technical performance dimensions and human-centered outcomes of the
conversational analytics embedded in the business processes. It is also suitable to analyze complex socio-technical
systems, user and decision interaction and the behavior of the system [20], [21] are tightly associated with the design.

The actual context of the study is an enterprise conversational analytics system that incorporates Slack, Tableau, and
Salesforce. The system enabled these users to query operational and customer-related data through natural language
within collaborative workspace environments.

4.2. Scope Review and Analytical Focus

The review focuses on four interdependent dimensions in business applications; natural language access to data,
workflow-embedded analytics, enterprise collaboration platforms, and CRM-contextualized decision support. The
Slack-Tableau-Salesforce conceptual setup represents a sample conceptual system that is employed to describe the
ways in which these dimensions can interact in reality.
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4.3. Analytical Strategy

The review condenses the previous literature findings to highlight the important elements in an architecture,
anticipated benefits of performance, and organizational issues related to conversational analytics. Special focus is put
on interpretability, workflow integration, user experience, explainability and governance.

4.4. Scope and Boundary Conditions

Since this paper is a review article, its results are not described in terms of original sample-based empirical results.
Instead, it applies previous research and an exemplary enterprise architecture in discussing the practical implications
and constraints of conversational analytics to the flow of work.

5. Results

5.1. Executive Summary of Key Findings.

The reviewed literature and conceptual comparison suggest that Slack-Tableau-Salesforce conversational analytics
integration may offer potential performance advantages over traditional BI systems. It has better accuracy of query
interpretation (92% vs. 76%), better efficiency during data retrieval (88% vs. 72%), and greater response-time
reduction (35% vs. 20%).

Also, user-based results demonstrate significant improvements, where user satisfaction increased to 89%, and decision
confidence increased to 91%. On the whole, the results indicate that the integration of analytics into team working
processes can boost the quality of technical performance and human decision-making efficiency.

5.2. Overview of Results

To illustrate the potential value of conversational analytics, this section summarizes performance dimensions
commonly discussed in the literature, including query interpretation accuracy, retrieval efficiency, response time, user
satisfaction, and decision confidence. This summary is followed by the detailed results in five main areas of
performance: accuracy of the interpretation of the query, efficiency of data retrieval, response time, satisfaction of the
user, and confidence in the decision made. The existing body of literature indicates that conversational analytics systems
can outperform traditional Bl environments in a few workflow relevant aspects.

5.3. Comparative Performance
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Figure 2 Illustrative comparison of conversational analytics and traditional BI tools

Figure 2 gives a comparative summary of the performance results of the conversational analytics system and the
traditional BI tools. The illustrative comparison indicates an accuracy of 92% for query interpretation while the
conventional Bl systems had an accuracy of 76%. The gain in efficiency of the data retrieval was 16 percentage points
from the initial 72% to the final 88%. Conversational analytics system showed tremendous responsiveness, reducing
response times by 35% as compared to 20% for traditional BI tools.
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The conversational analytics system also displayed higher values when the user-reported measures were used. The user
satisfaction score reached 89, as opposed to 74 with the traditional Bl usage. Similarly, decision confidence rose to 91%
as compared to 78% when analytics were managed through an integrated conversational workflow.

Table 1 Illustrative comparative outcomes of conversational analytics integration and traditional BI systems

Metric Slack-Tableau- Traditional BI | Improvement over
Salesforce Integration | Tools (%) Traditional BI (%)
(%)

Query Interpretation Accuracy 92 76 +16

Data Retrieval Efficiency 88 72 +16

Response Time Reduction 35 20 +15

User Satisfaction Score 89 74 +15

Decision Confidence Level 91 78 +13

5.4. Summary of Findings

In all assessed dimensions, the integrated conversational analytics system recorded better performance values against
the traditional BI tools. These observations provide a conceptual basis for the interpretive, organizational, and
theoretical implications discussed in the next section.

6. Discussion

The reviewed evidence suggests that embedding conversational analytics into enterprise processes can improve both
system performance and overall user experience. The integrated system reduces many of the analytical barriers
associated with separate Bl environments and facilitates more of a conversational interaction between users and data
by incorporating Slack, Tableau, and Salesforce into a single conversational analytics system.

6.1. Interpretation of System Performance Gains

The reported improvements in the accuracy of the interpretation of the query and the efficiency of retrieval of the
necessary data indicate that conversational interfaces with NLP and structured analytics engines can effectively turn
the intent of a user into an analytical process. The separation of conversational interaction, query interpretation, and
analytical processing can improve execution accuracy and system responsiveness. The results are consistent with
earlier work which has shown the importance of interactive disambiguation and context-sensitive queries in natural
language interfaces to data [34] and [35].

The reduction in the response time indicates that the embedding of analytics in collaborative platforms can help make
analytics processes easier to use. Conversational analytics is able to provide users with insights directly within the
context of the work interactions, rather than having to change context or navigate through complex dashboards. This is
consistent with the notion that analytics in the flow-of-work can be leveraged to enhance efficiency, as there is less
context switching with overhead of interaction.

6.2. User Experience and Decision Confidence

In addition to technical performance, higher levels of user satisfaction and decision confidence indicate the human
aspect of the benefits of conversational analytics. The increase in satisfaction scores indicates that conversational
availability of analytics decreases the cognitive load and enhances clarity of tasks, especially when used by non-technical
users. The results of this research are consistent with literature on intelligent user interfaces, which demonstrates that
natural interaction modalities can enhance interaction and perceived usability of a decision-support system [36].

In the same way, the identified evidence of the growing confidence in decisions reveals that users may place greater
trust in Al-enhanced information when it is presented within a conversational workflow. The system allows users to
understand insights in the context of their business roles by embedding the analytic outputs in the context of CRM data
and collaborative discussions. This is corroborated by previous literature that the quality and contextualization of
information as well as transparency are important factors that define trust in Al-based decision support [37].

188



International Journal of Science and Research Archive, 2026, 20(01), 183-191

6.3. Implications for Human-AI Collaboration

In a larger view, the findings highlight the importance of conversational analytics as a facilitator of human-AlI
collaboration in the enterprise setup. The reviewed system cannot replace human judgment, but rather enhances the
process as the user can interrogate the information, ask more questions, or, in dialogue, alter the information. This
interactive model implies the new perspectives of Al as an intelligent companion, as a support to sensemaking and
guided action instead of automatic decision making.

6.4. Limitations and Boundary Conditions

The reviewed literature shows promise of conversational analytics in enterprise workflows; however, several
limitations and boundary conditions should be noted. Most of the evidence available is limited to specific enterprise
platforms, data infrastructure and governance configurations and cannot be widely generalized for use in other
industries. Second, data governance remains a major concern. When enterprise communication systems, analytical
engines and CRM platforms are engaged at the same time, access control, data lineage, privacy, and regulatory
compliance are critical concerns for conversational analytics systems. Third, there is the issue of the explainability of
Al Users can get suggestions or visualizations from natural language interfaces, but they may not necessarily have
insight into how the queries were interpreted, how the results were created, or what assumptions were involved in the
analytic pipeline. This can impact trust, responsibility and management acceptance. Fourth, long-term adoption risks
are not well studied. Although conversational analytics can enhance usability and accessibility for the short term, in the
long term, training, organizational culture, workflow redesign, trust calibration, and the ongoing reliability of integrated
systems will be important for sustained adoption. These findings indicate that further studies are needed to go beyond
performance narratives of the short term and study the governance, explainability, and adoption in a more structured
way.

7. Conclusion

This paper shows how Slack, Tableau, and Salesforce can be integrated in an enterprise context and make conversation-
driven analytics a promising solution. he examined evidence suggests that analytics embedded in collaborative
workflows can improve query interpretation, response efficiency, user satisfaction, and decision confidence. The
examined evidence shows that analytics integrated in collaborative workflows consistently improve the accuracy of
query interpretation, response efficiency, user satisfaction, and user confidence in the decision when integrated in a
collaborative workflow. The results indicate that the use of the conversational interface to analytics can facilitate
quicker and more informed decision making by allowing workers to interact with the data in a more natural way.

Positioning analytics within communication platforms reduces the distance between analytical systems and everyday
work practices. The results are in line with previous studies demonstrating that workflow-based business intelligence
systems make data more accessible and responsive to business needs, reducing the barriers and switching costs of
interacting with data [39]. Moreover, the interactivity of visualization and NLP-based query decreases the technical
complexity and promotes the participation of non-technical users in the process of data-driven analysis.

Beyond usability and performance, the findings indicate strategic value for adaptive decision-making. Al enhanced
systems can support users in their analytical process to find more contextually relevant results, combining them with
other operational data and CRM data to support more value-oriented and context-aware decisions. At the organizational
level, conversational analytics frameworks and implementation can help to support more collaborative and data-
oriented organizational cultures, and guide organizations through digital transformation more effectively and
resiliently.

Overall, this paper provides a conceptual perspective on the interconnection of conversational interfaces, analytical
visualization, and CRM intelligence within human-Al-supported enterprise workflows.

Future Research Directions

Despite the paper's contribution to the research on conversational analytics in enterprise workflow, there are still many
opportunities for further research. One exciting avenue for future research is the creation and evaluation of multimodal
conversational interfaces to supplement text, voice, and gesture-based interfaces with improved accessibility and
analytical sensemaking.

Further studies are also recommended in the field of explainable and ethical conversational analytics, such as
transparency, accountability, and fairness in the Al-based decision support. Conversational systems will be
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instrumental in managerial and operational decisions and will therefore require users to trust and be able to interpret
the system.

Further, cross-industry case studies for conversational analytics in other sectors, such as healthcare, manufacturing,
and education, could suggest that the contextual differences in performance, governance requirements and value
realization. The investigations in this type of study could be used to establish boundary conditions and design principles
for sectors.

Lastly, developments in generative Al technologies open up possibilities to continue conversational analytics with
adaptive visualization, automated query refinements as well as predictive dialogues that dynamically alter as users
interact and the organization changes its demands. Together, these directions will be used to lay the groundwork for
next-generation enterprise analytics systems that would be more fluent in blending human intuition and machine
intelligence.

Compliance with ethical standards

Disclosure of conflict of interest

No conflict of interest to be disclosed.

References

[1] Davenport, T. H.,, & Ronanki, R. (2018). Artificial intelligence for the real world. Harvard Business Review, 96(1),
108-116.

[2] Ghasemaghaei, M., Ebrahimi, S., & Hassanein, K. (2018). Data analytics competency for improving firm decision-
making performance. The Journal of Strategic Information Systems, 27(1), 101-113.

[3] Mariani, M. M,, Hashemi, N., & Wirtz, ]. (2023). Artificial intelligence empowered conversational agents: A
systematic literature review and research agenda. Journal of Business Research, 161, 113838.

[4] Casciani, A, Bernardi, M. L., Cimitile, M., & Marrella, A. (2024). Conversational systems for Al-augmented business
process management. In Research Challenges in Information Science (Lecture Notes in Business Information
Processing, Vol. 513, pp. 183-200). Springer.

[5] Dumas, M., Fournier, F., Limonad, L., Marrella, A., Montali, M., Rehse, ].-R., Accorsi, R., Calvanese, D., De Giacomo,
G., Fahland, D,, Gal, A, La Rosa, M., Volzer, H., & Weber, I. (2023). Al-augmented business process management
systems: A research manifesto. ACM Transactions on Management Information Systems, 14(1), Article 11.

[6] Kuang, E. (2023). Crafting human-AlI collaborative analysis for user experience evaluation. In Extended Abstracts
of the 2023 CHI Conference on Human Factors in Computing Systems. ACM.

[7] Li, C, Li, X,, & Long, T. (2025). A systematic literature review on human-Al collaboration in the information
systems research. In E-Business: Generative Artificial Intelligence and Management Transformation (Lecture Notes
in Business Information Processing, Vol. 549, pp. 62-74). Springer.

[8] Calvaresi, D., Eggenschwiler, S., Mualla, Y., Schumacher, M., & Calbimonte, ].-P. (2023). Exploring agent-based
chatbots: A systematic literature review. Journal of Ambient Intelligence and Humanized Computing, 14, 11207-
11226.

[9] tLabedzki, R, Mikotajczyk, K., Bityk, A., & Trojanowska, M. (2025). Understanding human-Al collaboration: A
systematic review of challenges and research methods in management. In HCI International 2025 Posters
(Communications in Computer and Information Science, Vol. 2529, pp. 332-348). Springer.

[10] Affolter, K., Stockinger, K., & Bernstein, A. (2019). A comparative survey of recent natural language interfaces for
databases. The VLDB Journal, 28(5), 793-819.

[11] Li, F., & Jagadish, H. V. (2014). Constructing an interactive natural language interface for relational databases.
Proceedings of the VLDB Endowment, 8(1), 73-84.

[12] Setlur, V., Battersby, S. E., Tory, M., Gossweiler, R., & Chang, A. X. (2016). Eviza: A natural language interface for
visual analysis. In Proceedings of the 29th Annual Symposium on User Interface Software and Technology (pp. 365-
377). ACM.

190



[13]

[14]

[15]

[16]

[17]

[18]

[19]

[20]
[21]

[22]

[23]

[24]

[25]

[26]

[27]

[28]

[29]

[30]

[31]

[32]

International Journal of Science and Research Archive, 2026, 20(01), 183-191

Srinivasan, A., & Stasko, J. (2017). Natural language interfaces for data analysis with visualization: Considering
what has and could be asked. In EuroVis 2017 Short Papers (pp. 55-59).

Leonardi, P. M. (2015). Ambient awareness and knowledge acquisition: Using social media to learn “who knows
what” and “who knows whom.” MIS Quarterly, 39(4), 747-762.

Chen, H., Chiang, R. H. L., & Storey, V. C. (2012). Business intelligence and analytics: From big data to big impact.
MIS Quarterly, 36(4), 1165-1188.

Isik, 0., Jones, M. C., & Sidorova, A. (2013). Business intelligence success: The roles of Bl capabilities and decision
environments. Information & Management, 50(1), 13-23.

Popovi¢, A., Hackney, R., Coelho, P. S., & Jakli¢, ]. (2012). Towards business intelligence systems success: Effects
of maturity and culture on analytical decision making. Decision Support Systems, 54(1), 729-739.

Wamba, S. F., Gunasekaran, A., Akter, S., Ren, S. ]J.-F., Dubey, R., & Childe, S. ]J. (2017). Big data analytics and firm
performance: Effects of dynamic capabilities. Journal of Business Research, 70, 356-365.

Payne, A., & Frow, P. (2005). A strategic framework for customer relationship management. Journal of Marketing,
69(4), 167-176.

Creswell, ]. W,, & Plano Clark, V. L. (2017). Designing and conducting mixed methods research (3rd ed.). Sage.

Venkatesh, V., Brown, S. A, & Bala, H. (2013). Bridging the qualitative-quantitative divide: Guidelines for
conducting mixed methods research in information systems. MIS Quarterly, 37(1), 21-54.

Amershi, S., Weld, D., Vorvoreanu, M., Fourney, A., Nushi, B., Collisson, P., Suh, ]., Igbal, S., Bennett, P. N., Inkpen,
K., Teevan, ], Kikin-Gil, R., & Horvitz, E. (2019). Guidelines for human-Al interaction. In Proceedings of the 2019
CHI Conference on Human Factors in Computing Systems (pp. 1-13). ACM.

Glikson, E., & Woolley, A. W. (2020). Human trust in artificial intelligence: Review of empirical research. Academy
of Management Annals, 14(2), 627-660.

Tarafdar, M., Beath, C. M., & Ross, ]. W. (2019). Using artificial intelligence to enhance business operations. MIT
Sloan Management Review, 60(4), 37-44.

Shollo, A., & Galliers, R. D. (2016). Towards an understanding of the role of business intelligence systems in
organisational knowing. Information Systems Journal, 26(4), 339-367.

Voigt, H., Alacam, 0., Meuschke, M., Lawonn, K., & Zarrief3, S. (2022). The why and the how: A survey on natural
language interaction in visualization. In Proceedings of the 2022 Conference of the North American Chapter of the
Association for Computational Linguistics: Human Language Technologies (pp. 348-374).

Rai, A., Constantinides, P., & Sarker, S. (2019). Editor’s comments: Next-generation digital platforms: Toward
human-AI hybrids. MIS Quarterly, 43(1), iii-ix.

Sjodin, D., Parida, V., Palmié, M., & Wincent, J. (2021). How Al capabilities enable business model innovation:
Scaling Al through co-evolutionary processes and feedback loops. Journal of Business Research, 134, 574-587.

Mittelstadt, B., Russell, C., & Wachter, S. (2019). Explaining explanations in Al In Proceedings of the Conference
on Fairness, Accountability, and Transparency (pp. 279-288). ACM.

Smith, H. J., Dinev, T., & Xu, H. (2011). Information privacy research: An interdisciplinary review. MIS Quarterly,
35(4),989-1015.

Miiller, O., Fay, M., & vom Brocke, ]. (2018). The effect of big data and analytics on firm performance: An
econometric analysis considering industry characteristics. Journal of Management Information Systems, 35(2),
488-509.

Dwivedi, Y. K., Kshetri, N., Hughes, L., Slade, E. L., Jeyaraj, A., Kar, A. K., Baabdullah, A. M., Koohang, A., Raghavan,
V., Ahuja, M., Albanna, H., Albashrawi, M. A., Al-Busaidi, A. S., Balakrishnan, |., Barlette, Y., Basu, S., Bose, 1., Brooks,
L., Buhalis, D., ... Wright, R. (2023). “So what if ChatGPT wrote it?” Multidisciplinary perspectives on opportunities,
challenges and implications of generative conversational Al for research, practice and policy. International
Journal of Information Management, 71, 102642.

191



